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◆    T H E  A I  I M P E R A T I V E E X E C U T I V E  S U M M A R Y

E X E C U T I V E  S U M M A R Y

The defining
executive challenge
The gap between AI enthusiasm and AI value creation is the defining executive challenge of this

decade. This guide exists to close it.

Every CEO in your peer group is being asked the same question by

their board this quarter: what is our AI strategy, and what is it

producing. The honest answer for most companies in 2026 is that

they have spent meaningful money on artificial intelligence, rolled

out ChatGPT or Microsoft Copilot licenses to their employees, and

have nothing concrete to show for it. They are not alone. According

to research from the MIT Media Lab’s Project NANDA, despite thirty

to forty billion dollars of enterprise spending on generative AI,

ninety-five percent of organizations report zero measurable return.

McKinsey’s own State of AI 2025 survey, drawing on nearly two

thousand companies, found that only five and a half percent

attribute meaningful EBIT impact to their AI use.

This guide is not a survey of trends, a vendor comparison, or

another high-altitude exhortation to embrace transformation. It is

an operating manual. It walks through every major department in a

typical company, identifies the specific workflows where AI creates

measurable productivity gains today, quantifies those gains using

current research and field data, and prescribes a concrete technical

architecture that delivers them without locking the company into a

single vendor or surrendering its proprietary data to a third party.

The architecture rests on four pillars that matured into production-

grade technology during 2024 and 2025. The Model Context

Protocol, Anthropic’s open standard for connecting AI to internal

tools and data without bespoke integration. The Microsoft Agent

Framework, a production orchestration layer for multi-step

autonomous workflows across models, business systems, and

human reviewers. Retrieval-augmented generation on SQL Server

2025, with native vector search inside the same database that

already holds the enterprise’s transactional data. And a flexible

embedding strategy using local models on Ollama for data that

must never leave the perimeter and Azure AI Foundry where cloud-

grade scale is appropriate.

Combined, these four pillars produce an AI capability that is

auditable, swappable, and grounded in the company’s own data

rather than the public internet. That last property is the difference

between an initiative that delivers measurable ROI and the next

failed pilot.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 02

Ninety-five percent of enterprise AI projects produce no measurable return. The five

percent that do share a single trait: they integrate AI into real workflows on

proprietary data — not as a standalone chat tool.
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I
P A R T  I

The State of
Enterprise AI in 2026
The trillion-dollar opportunity set against a sobering operational reality —

and the five conditions that decide which side of the divide a company lands

on.

$ 4 . 4T  O P P O R T U N I T Y 9 5 %  FA I L 5 %  S U C C E E D 5  C O N D I T I O N S

The AI  Imperative ·  04
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The trillion-dollar opportunity
McKinsey’s foundational analysis of generative AI’s economic

potential, released in 2023 and updated through 2025, estimated

the technology could add between 2.6 and 4.4 trillion dollars

annually to the global economy across the 63 use cases analyzed.

For context, the United Kingdom’s entire gross domestic product in

2021 was 3.1 trillion dollars. The research examined 850 occupations

and 2,100 detailed work activities across 47 countries representing

more than eighty percent of the global workforce. The conclusion is

unambiguous: generative AI is poised to increase the impact of all

artificial intelligence on the economy by 15 to 40 percent — a figure

that roughly doubles when the analysis includes generative

capabilities embedded inside existing software.

The value is not evenly distributed. McKinsey places sales and

marketing at the top of the economic-potential scatter plot,

followed closely by software engineering, customer service,

research and development, and the cluster covering operations,

supply chain, finance, procurement, and IT. The total is large enough

that even a single-digit-percentage capture by one company

produces material returns. Eighty-seven percent of C-suite

executives expect revenue growth from generative AI within three

years, with fifty-one percent expecting increases exceeding five

percent of revenue.

$4.4T
A N N UA L  G LO B A L  E C O N O M I C  P OT E N T I A L  O F  G E N E R AT I V E  A I

AC R O S S  6 3  E N T E R P R I S E  U S E  CA S E S  —  M C K I N S E Y,  2 0 2 3 ,

R E C O N F I R M E D  2 0 2 5

15–40%
I N C R E A S E  I N  A I ’ S  TOTA L  E C O N O M I C  I M PACT  AT T R I B U TA B L E

TO  G E N E R AT I V E  CA PA B I L I T Y

The ninety-five percent failure rate

In July 2025, the MIT Media Lab’s Project NANDA published its

GenAI Divide report, drawing on 300 publicly disclosed

implementations, 52 organizational interviews, and 153 executive

surveys. The headline became one of the most discussed numbers

in enterprise technology that year. Despite thirty to forty billion

dollars of enterprise spending on generative AI, ninety-five percent

of organizations report zero measurable return. Only five percent of

integrated AI pilots reach production workflows with documented

profit-and-loss impact.

McKinsey’s State of AI 2025 survey reinforces the finding from a

different angle. Only 109 respondents — five and a half percent of

the sample — attribute more than five percent of EBIT to AI and

describe themselves as seeing significant value. Nearly eighty

percent report regular use of generative AI in at least one function,

but fewer than ten percent report scaling AI agents in any function.

The gap between adoption and value capture is the central feature

of the 2026 landscape.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 05

Despite $30–40 billion in enterprise spending, 95% of organizations report zero

measurable return. The difference is not the model. It is the implementation

approach.
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Why most AI strategies are wrong
The cause of the failure rate is not the models, the regulations, or the cloud bill. It is implementation

approach — and the failure modes are consistent.

The MIT research is unambiguous, and the cause is not what most

boards assume. RAND Corporation’s parallel work, interviewing 65

experienced practitioners, confirms the same failure modes.

Misalignment. Many rollouts begin with a leadership decision to buy

a platform, followed by a hunt for use cases that justify the

purchase. This sequence is exactly backwards. The five percent that

succeed begin with a specific high-friction workflow, define success

in operational terms, and only then select the AI capabilities

required.

Absent data infrastructure. Pilots succeed in controlled

environments with clean data and forgiving users. Production

systems must operate on messy real-world data at 99.9 percent

uptime with robust integration and no fabricated output. This is a

data engineering problem before it is an AI problem. Gartner’s 2025

definition is the one the industry needed: AI-ready data is aligned to

specific use cases, actively governed, accessible through

standardized interfaces, and continuously refreshed.

The wrong build-versus-buy call. MIT found vendor solutions

reach production in roughly sixty-seven percent of cases versus

thirty-three percent for internal builds. The lesson is not that buying

always wins — it is to buy for standardized use cases with proven

track records and build for genuinely differentiated capabilities tied

to proprietary data. Most companies build when they should buy

and buy when they should build.

Standalone chat as the delivery mechanism. Chat tools produce

visible adoption metrics but not EBIT impact, because the user still

has to know what to ask, transcribe the answer into a system of

record, and validate it against context the tool does not have. The

five percent embed AI inside workflows: invoked automatically by a

triggering event, retrieving proprietary context without being asked,

performing the work, and writing output back under defined

controls.

No workflow redesign. McKinsey’s high-performer analysis found

value-capturing organizations nearly three times more likely to have

fundamentally redesigned the workflows where AI was introduced.

Bolting AI onto an existing process produces incremental gains;

redesigning the process around what AI can now do produces the

order-of-magnitude gains that show up in the financials.

T H E  F I V E  C O N D I T I O N S  O F  T H E  F I V E  P E R C E N T

One — AI is integrated into specific workflows, not offered as a general chat tool. Two — the system retrieves grounded context from

proprietary data, not the model’s training set. Three — the workflow itself is redesigned, not merely accelerated. Four — build-versus-buy is

decided deliberately, buy as default for standard capability, build for genuine differentiation. Five — the system is owned and operated by

people who understand both the business function and the technology. The architecture in Part II is designed to satisfy all five.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 06



II
P A R T  I I

The Four-Pillar
Architecture
Not the only possible architecture for enterprise AI — but the one that

delivers all five conditions of the successful five percent, in language a non-

technical director can follow.

M C P AG E N T  F R A M E WO R K R AG  ·  S Q L  S E RV E R  2 0 2 5 LO C A L  +  C LO U D  E M B E D D I N G S

The AI  Imperative ·  07
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Four pillars, one coherent stack
Each pillar is described for the strategic reader — what it is, and why it matters to the board.

P I L L A R  O N E

Model Context Protocol
An open standard from Anthropic, adopted across the industry

through 2025–26. It is to AI what USB was to peripherals: before MCP,

every connection between a model and an internal system required

custom integration, re-written for each model. A single MCP server

exposing the CRM, financial data, or any internal tool becomes usable

by any MCP-compatible client, regardless of the model behind it. The

strategic significance is twofold: it eliminates vendor lock-in at the

model layer, and it dramatically reduces the cost of expanding AI

coverage — each system is wrapped once, then every AI system in the

company can use it. The first architecture investment should be

standardizing internal data and tool access through MCP.

O P E N  STA N DA R D N O  LO C K- I N

P I L L A R  T W O

Microsoft Agent Framework
If MCP is how AI connects, the agent framework is how AI composes

work. Released as the merged successor to AutoGen and Semantic

Kernel during 2025, it orchestrates multi-step workflows combining

language models, business systems, deterministic code, and human

reviewers. It runs on .NET and Python and integrates natively with

Azure AI Foundry. A chat interface is question-and-answer; an agent

framework lets a single triggering event launch a process — retrieve

context, generate a draft, validate against rules, route for approval,

write to the system of record, notify stakeholders. That is the shape of

every AI initiative that produces measurable EBIT impact, because it is

the shape of actual business processes.

. N E T  +  PY T H O N H U M A N - I N - LO O P

P I L L A R  T H R E E

RAG on SQL Server 2025
Retrieval-augmented generation solves the most persistent

enterprise problem with language models: plausible output not

grounded in the company’s data. SQL Server 2025 introduces native

vector types, indexing, and search inside the same database that

already holds transactional data. The vectors live next to the records

they describe; access control, audit, backup, and disaster recovery

use the discipline the company already applies. The strategic

significance is data sovereignty. With Entra ID for identity and Always

Encrypted for sensitive columns, the result is an AI capability

defensible in front of auditors, regulators, and the risk committee.

Every department capability in Part III assumes a SQL Server 2025

vector store as its grounding layer.

N AT I V E  V E CTO R S DATA  S OV E R E I G N T Y

P I L L A R  F O U R

Local & Cloud Embeddings
Embeddings are the mathematical representations that make vector

search possible — and the choice determines where data goes when

it is embedded. The fourth pillar is a deliberate mixed strategy. Data

that must never leave the perimeter is embedded by local models on

Ollama, running on the company’s own infrastructure, sending not a

single byte externally. Data where cloud-grade performance is

appropriate uses Azure AI Foundry. The route is decided at the data-

classification level: personal data, regulated health and financial

information, and strategic documents go local; public marketing copy

and general research can use the cloud. This mixed strategy is the

difference between an AI program that can be defended in front of a

regulator and one that cannot.

O L L A M A  LO CA L A Z U R E  A I  F O U N D RY

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 08
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How the pillars compose
Four components, one internally consistent stack — and the same plumbing serves all eleven departments.

T O P

User
Interfaces

Chat surfaces, embedded automation, dashboards, and direct integration into line-of-business apps — one appropriate

to each department’s task.

L AY E R  3

Agent
Framework

The Microsoft Agent Framework orchestrates multi-step workflows: retrieve grounded context, invoke models, apply

business rules, escalate to humans, write results back.

L AY E R  2

MCP
Servers

A library of servers exposing controlled read and write access to internal systems — the CRM serves the sales agent

and the service agent through the same wrapper.

B A S E

SQL Server
2025

Data with native vector indexes built from embeddings produced by local Ollama or Azure AI Foundry by classification

— plus the audit log of every AI-generated action.

The same SQL Server vector store holds the legal contract index,

the sales account-brief generator’s customer history, the HR policy

retrieval system, and the engineering knowledge base. The same

agent framework orchestrates invoice processing, candidate

screening, and customer-escalation routing. The same MCP layer

exposes the CRM to both the sales and the service agent.

This consistency is a non-trivial advantage. Companies that adopt

department-by-department point solutions accumulate technical

debt at every layer of the stack. Companies that adopt a unified

architecture compound their returns: every new capability is faster

to build than the last, because the underlying plumbing is already

there. That is the structural difference the rest of this guide

depends on.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 09

The company buys the building materials and builds the structure. The materials are

the four-pillar infrastructure; the structure is the company’s unique set of agents,

indexes, and workflows.
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III
P A R T  I I I

Department by
Department
The operational core. Eleven functions, each with its current reality, the AI

interventions that work, the measured gains, and a concrete implementation

sketch on the four-pillar architecture.

S A L E S M A R K E T I N G S E RV I C E F I N A N C E H R L E G A L E N G I N E E R I N G

O P E R AT I O N S S U P P LY  C H A I N R & D E X E C U T I V E

The AI  Imperative ·  10



◆    T H E  A I  I M P E R A T I V E P A R T  I I I  ·  S A L E S

01 Sales
Representatives spend only twenty-eight to thirty-six percent of their day actually selling. The rest is research,

notes, coordination, and CRM hygiene.

C U R R E N T  O P E R AT I N G  R E A L I T Y

Account executives spend a minority of their working day engaged

with prospects, the majority consumed by activities adjacent to

selling — research, account note-taking, internal coordination,

proposal preparation, pipeline updates, manager reporting, and

follow-up. Sales development representatives face an even more

skewed distribution, with much of the day spent on list-building,

account research, message personalization, and CRM hygiene

before any actual engagement begins.

A I  I N T E R V E N T I O N

Three categories carry the strongest evidence. For account

research, an agent on the Microsoft Agent Framework retrieves a

prospect’s recent news, filings, leadership changes, technology

stack, and prior engagement, then synthesizes a structured brief

grounded in retrieved facts — the CRM through an MCP server,

public data through others, the seller’s own value-proposition

library in a SQL Server 2025 index. For personalized outreach, the

same agent drafts emails and messages calibrated to role and

recent activity — not a chat ask-and-receive, but a triggered

process that runs to completion within minutes of a lead being

marked ready. For pipeline intelligence, a nightly agent flags at-risk

opportunities by matching against the company’s own won and lost

deals, not a generic playbook.

TA N G I B L E  B E N E F I T S

McKinsey estimates generative AI could lift sales productivity by

roughly three to five percent of current global sales expenditure — a

meaningful contribution to gross margin. Seismic’s 2024 study

found financial-services leaders expecting a fifty-two percent

revenue increase over five years from AI integration in client-facing

teams. Field reports document pre-meeting preparation falling from

one-to-two hours to under fifteen minutes, and brands using AI

personalization report response-rate improvements of twenty to

forty percent on cold outreach.

3–5%
S A L E S - P R O D U CT I V I T Y  U P L I F T  F R O M  G E N E R AT I V E  A I ,

M E A S U R E D  AG A I N ST  TOTA L  S A L E S  E X P E N D I T U R E  —

M C K I N S E Y

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the account-brief generator: an MCP server wrapping the CRM, one wrapping a news and financial data

provider, a vector index of product and value-proposition documentation in SQL Server 2025, and a single agent workflow on a triggering

event. A competent .NET team can have this in production in six to eight weeks. Personalized outreach extends it with a draft step; pipeline

intelligence is a nightly batch against the same CRM wrapper. All three share the same plumbing and the same small team.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 11
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02 Marketing
The bottleneck is rarely strategy. It is throughput — across blog posts, social, paid creative, email nurture,

enablement, case studies, scripts, and brand-voice maintenance.

C U R R E N T  O P E R AT I N G  R E A L I T Y

The shift from broadcast to digital has multiplied the channels,

audiences, and creative variations a marketing team must handle

while budgets have rarely grown to match. A modern B2B team is

expected to produce blog posts, multi-platform social content, paid

creative in several formats, segmented email nurture, sales

enablement, customer case studies, video scripts, podcast

appearances, conference materials, and ongoing brand-voice

maintenance across all of it.

A I  I N T E R V E N T I O N

Three categories. For content production at scale, an agent retrieves

brand-voice guidelines, recent published content, and subject

matter from a SQL Server 2025 index and generates first drafts

calibrated to the brand. The difference from generic ChatGPT use is

the grounding: thirty to fifty examples of recent content, the style

guide, and actual product positioning, so the output sounds like the

company rather than a generic model. For segmentation and

personalization, an agent runs against the marketing automation

system through an MCP wrapper and generates variations per

segment. For performance analysis, a daily agent identifies

underperforming creative and proposes changes derived from the

company’s own historical performance, not a generic optimization

heuristic.

TA N G I B L E  B E N E F I T S

McKinsey estimates productivity increases worth between five and

fifteen percent of total marketing spending globally — the largest

functional value pool in the entire analysis on a percentage-of-

spend basis. OpenAI’s State of Enterprise AI 2025 found eighty-five

percent of marketing and product users reporting faster campaign

execution. Field reports describe production-volume increases of

two-to-five times for blog and social content, with brand-voice

consistency often superior to a rotating cast of freelance writers.

Gartner’s 2025 research found marketing reporting the highest

productivity gains of any function surveyed.

5–15%
M A R K E T I N G - P R O D U CT I V I T Y  U P L I F T  A S  A  S H A R E  O F  TOTA L

M A R K E T I N G  S P E N D  —  T H E  L A R G E ST  F U N CT I O N A L  VA LU E

P O O L  —  M C K I N S E Y

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the brand-voice-grounded content generator: a SQL Server 2025 index of brand guidelines, recent

content, and product documentation, plus an agent workflow that retrieves grounding for each requested piece and produces a first draft. The

pattern works for blogs, social, ad copy, email sequences, and enablement with only modest prompt variation. The analytics agent extends it

with MCP wrappers around the automation platform and the analytics warehouse. Both can be in production within two months.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 12



◆    T H E  A I  I M P E R A T I V E P A R T  I I I  ·  C U S T O M E R  S E R V I C E  &  S U P P O R T

03 Customer Service & Support
The deepest published research base in enterprise AI — because the work is structured, the volumes are large,

and the outcomes are measurable in handle time and resolution.

C U R R E N T  O P E R AT I N G  R E A L I T Y

A typical contact center runs a tiered model: front-line agents

handle the largest volume of routine issues, escalate complex

matters to specialists, and rely on knowledge-base articles,

escalation playbooks, and prior case history. The economics have

always been brutal — scale and complexity grow with the business,

customer expectations rise, and the pool of qualified agents shrinks

relative to demand.

A I  I N T E R V E N T I O N

Four categories. Tier-one deflection: an agent on the four-pillar

architecture handles routine inquiries through chat or voice,

retrieving account context through CRM MCP servers and grounding

answers in the knowledge base indexed in SQL Server 2025. Agent

assist: an agent runs alongside the human in real time, listens,

retrieves context, surfaces suggested responses, and drafts the

post-call summary as the conversation unfolds. Post-conversation

automation: ticket categorization, routing, escalation flagging, and

follow-up scheduling without human intervention on routine cases.

Quality monitoring: an agent reviews every conversation against the

quality framework and flags coaching opportunities.

TA N G I B L E  B E N E F I T S

The published research here is the strongest in the entire literature.

The foundational Brynjolfsson, Li, and Raymond study at a five-

thousand-agent company documented a fourteen percent increase

in issues resolved per hour and a nine percent reduction in handling

time — with gains most pronounced among less experienced

agents, who began communicating like higher-skilled colleagues.

McKinsey estimates generative AI could reduce human-serviced

contacts by up to fifty percent in banking, telecom, and utilities,

with function-cost productivity gains of thirty to forty-five percent.

Sixty-three percent of service professionals tell Salesforce that AI

helps them work faster.

14%
I N C R E A S E  I N  I S S U E S  R E S O LV E D  P E R  H O U R  W I T H  A I  AG E N T

A S S I ST  —  N B E R  C O N T R O L L E D  ST U DY

U P  TO 50%
T H I S  R E D U CT I O N  I N  H U M A N - S E RV I C E D  C O N TACTS  AC R O S S

B A N K I N G ,  T E L E C O M ,  A N D  U T I L I T I E S  —  M C K I N S E Y

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the agent-assist tool: a SQL Server 2025 index of the knowledge base, prior resolved cases, and

product documentation; an MCP wrapper around the CRM and ticketing system; and an agent workflow that runs alongside the live

conversation. Deployment needs a meaningful change-management investment because agent behavior shifts materially, but the AI’s

operational complexity is modest. The tier-one deflection surface adds a layer of guardrails and human hand-off, on the same retrieval and

orchestration stack.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 13
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04 Finance & Accounting
Finance professionals spend a substantial share of their time on data preparation, reconciliation, and routine

analysis before the higher-value judgment work begins.

C U R R E N T  O P E R AT I N G  R E A L I T Y

The function combines transaction processing — payables,

receivables, expenses, and the close — with reporting, planning and

analysis, treasury, and increasingly business partnership with

operating units. Reporting spans periodic statements, regulatory

filings, board materials, and dashboards. Planning covers budgeting,

forecasting, variance analysis, and scenario modeling. Across all of

it, preparation and reconciliation consume the hours before

judgment begins.

A I  I N T E R V E N T I O N

Three categories. For transaction automation, agents handle invoice

intake, three-way matching, expense processing, and routine journal

entries — the MCP layer wraps the ERP, document management,

and expense platform; the agent applies the company’s specific

accounting policies from the vector store and either completes

within controls or escalates with a fully drafted recommendation.

For reporting and narrative generation, agents draft management

commentary, variance narratives, and first-draft board materials,

retrieving the numbers through an MCP wrapper and the company’s

prior reporting language from the vector store. For analytical

augmentation, agents perform the routine slicing that consumed

entry-level analyst time, surfacing anomalies and first-pass

scenarios.

TA N G I B L E  B E N E F I T S

McKinsey’s analysis applies fifteen-to-twenty-percent process-

cost reductions to finance processes. OpenAI’s 2025 report found

accounting and finance users reporting the largest time savings per

message of any function studied. Gartner urged recalibrated

expectations — thirty-four percent of generative-AI finance teams

reported high productivity gains versus thirty-seven percent for

traditional-AI teams, suggesting mature deployments combine both.

Field reports consistently describe close-cycle reductions of

twenty to forty percent and routine analyst-hour reductions of

similar magnitude.

20–40%
T Y P I CA L  C LO S E - CYC L E  R E D U CT I O N  R E P O R T E D  BY  F I N A N C E

T E A M S  D E P LOY I N G  T R A N S ACT I O N -AU TO M AT I O N  AG E N TS  —

F I E L D  DATA

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the invoice-processing agent: an MCP wrapper around the ERP and document management, a vector

index of accounting policies and prior transaction patterns, and an agent workflow that intakes invoices, performs three-way matching, applies

policy, and completes or escalates within controls. The reporting-narrative generator is architecturally similar with an index of prior reporting

language. Both suit the high-control nature of finance — the framework’s deterministic orchestration plus SQL Server audit logging produces a

complete record of every AI-influenced decision.
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05 Human Resources
Information-heavy, document-heavy, and chronically under-resourced relative to the demands placed on it —

and a slower adopter, which means first-mover advantage.

C U R R E N T  O P E R AT I N G  R E A L I T Y

HR covers recruiting, onboarding, performance management,

learning, compensation, benefits, employee relations, and the policy

and compliance work around all of it. Recruiting is dominated by

resume review, screening, scheduling, and interview preparation;

onboarding by document handling; performance management by

the synthesis of feedback; employee relations by case management

and policy interpretation.

A I  I N T E R V E N T I O N

Four categories. For recruiting acceleration, agents screen resumes

against role requirements with explicit grounding in the company’s

actual successful-hire profiles indexed in SQL Server 2025, generate

first-pass evaluations, draft outreach, and prepare interviewer briefs

— the MCP layer wrapping the ATS, HRIS, and sourcing tools. For

policy and benefits self-service, an agent answers the high-volume

routine questions, retrieving from the policy library and HRIS

through MCP wrappers, and escalating anything involving a

protected category, a sensitive matter, or ambiguity. For

performance and engagement analytics, agents surface patterns

from survey data, review text, and metrics for HR leaders. For

learning personalization, agents recommend resources by role,

recent feedback, and stated goals.

TA N G I B L E  B E N E F I T S

McKinsey estimates AI can reduce HR costs by fifteen to twenty

percent through better identification of attraction, turnover, and

performance drivers and automation of routine processing.

OpenAI’s 2025 report found seventy-five percent of HR

professionals using AI reporting improved engagement outcomes.

Field reports describe time-to-shortlist reductions of fifty to

seventy percent. Importantly, Gartner found legal and HR among the

slower adopters relative to marketing and sales — meaning

meaningful first-mover advantage for companies that move quickly.

15–20%
R E D U CT I O N  I N  H R  C O STS  T H R O U G H  A I - D R I V E N  WO R K F O R C E

A N A LY T I C S  A N D  P R O C E S S  AU TO M AT I O N  —  M C K I N S E Y

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the recruiting screener and brief generator: an MCP wrapper around the ATS, a vector index of role

profiles and successful-hire patterns, and an agent workflow that screens candidates, generates evaluation notes, and prepares interview

briefs. The policy self-service agent extends it with an index of HR policies and benefits documentation and an HRIS wrapper for personalized

context. The performance-analytics workflow is a nightly batch surfacing patterns to leadership, with strong privacy controls on what is

exposed and to whom.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 15
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06 Legal & Compliance
The economics have always favored thoroughness over speed, because the downside of getting it wrong is

materially larger than the downside of being slow. The result is chronic backlog.

C U R R E N T  O P E R AT I N G  R E A L I T Y

The function balances contract work, regulatory compliance,

litigation management, intellectual-property protection, and the

daily interpretive work of advising the business on what it can and

cannot do. Legal teams are typically among the most overworked in

any growing company, with backlogs of contract reviews, policy

updates, and compliance assessments the company would benefit

from clearing. Much outside-counsel spend goes to work that could

be done internally if internal capacity existed.

A I  I N T E R V E N T I O N

Three categories. For contract review and drafting, agents perform

first-pass review against the company’s playbook of acceptable

and unacceptable terms, flag deviations, propose redlines, and draft

response language — the vector store holding the playbook, recent

negotiated outcomes, and prior contracts with the same

counterparty; the MCP layer wrapping contract and matter

management. For regulatory and policy research, agents retrieve the

company’s prior research, the relevant regulatory text, and external

commentary, and produce a memorandum an attorney refines. For

litigation document handling, agents process high-volume review

grounded in the company’s own corpus — the eDiscovery workflow,

but with language-model reasoning producing meaningfully better

recall on responsive documents and classification of privilege.

TA N G I B L E  B E N E F I T S

Legal has produced some of the most extreme efficiency numbers

in the literature. A widely cited high-volume litigation example

documented a complaint-response workflow compressing from

sixteen hours of attorney time to three or four minutes of AI-

assisted drafting plus review — a hundred-fold increase on that

task. While that magnitude is unusual, contract-review acceleration

of fifty to seventy percent on routine commercial agreements is

well documented across deployments. Gartner identified legal as a

slower-adoption function — both a caution that change-

management is real and an opportunity, because the available uplift

is large and competitive intensity remains modest.

50–70%
R E D U CT I O N  I N  R O U T I N E  C O N T R ACT- R E V I E W  T I M E  W I T H

G R O U N D E D  A I  D R A F T I N G  —  F I E L D  D E P LOY M E N TS

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the contract-review agent: a vector index of the playbook, recent negotiated outcomes, and

counterparty history in SQL Server 2025; an MCP wrapper around contract management; and an agent workflow that intakes contracts,

performs first-pass review, flags deviations, and produces a redlined draft. The work is structured enough that the framework’s deterministic

orchestration produces an auditable trail of every flagged provision and proposed change. Litigation document handling is typically procured

as a specialized eDiscovery platform rather than built.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 16
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07 Software Engineering & IT
The most comprehensive published research of any function. The bottleneck is not the creative work but

implementation, debugging, and meta-work that compounds as the codebase ages.

C U R R E N T  O P E R AT I N G  R E A L I T Y

Engineers spend time on creative architecture, a larger portion on

implementation, a substantial portion on debugging and

maintenance, and a meaningful portion on the meta-work of code

review, documentation, coordination, and incident response. IT

operations separately face the perpetual cycle of incident

management, provisioning, patching, and user support that

consumes most of the operational budget.

A I  I N T E R V E N T I O N

Four categories. For code generation, AI pair programmers like

GitHub Copilot, Cursor, and Claude Code produce well-

documented gains and are now close to universal. For code review,

agents perform first-pass review of pull requests against coding

standards and security policies. For incident response, agents triage

alerts, correlate with prior incidents indexed in the vector store, and

produce runbook recommendations. For knowledge retrieval, agents

answer the daily flood of questions engineers ask each other about

internal systems, retrieving from documentation, code, and prior

conversations indexed in SQL Server 2025.

TA N G I B L E  B E N E F I T S

The GitHub controlled experiment found developers using AI pair

programming completed a task fifty-five percent faster — dropping

average completion from two hours forty-one minutes to one hour

eleven minutes. Pull-request time fell from 9.6 days to 2.4 days;

successful build rates rose eighty-four percent among Copilot

users. OpenAI’s 2025 report found seventy-three percent of

engineers reporting faster delivery and eighty-seven percent of IT

workers reporting faster issue resolution. Caveats apply — the study

measured a specific task type, real-world gains vary by complexity,

and an eleven-week ramp is documented — but the aggregate

places engineering alongside customer service as the deepest

validated impact.

55%
FA ST E R  TA S K  C O M P L E T I O N  F O R  D E V E LO P E R S  U S I N G  A I  PA I R

P R O G R A M M I N G  —  G I T H U B  C O N T R O L L E D  ST U DY

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is deploying GitHub Copilot or an equivalent pair programmer org-wide — a buy decision, because the

vendor solutions are mature and an in-house build would dwarf the licensing cost. The build-side opportunity is the company-specific

knowledge-retrieval agent, indexing internal documentation, codebase, design decisions, and prior incidents in SQL Server 2025. It

dramatically reduces onboarding cost and the interruption cost on senior engineers. The incident-triage agent extends it with MCP wrappers

around the monitoring stack.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 17
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08 Operations & Manufacturing
The core tension is between the predictability operational stability requires and the variability the real world

insists on supplying. Leaders spend their days managing exceptions.

C U R R E N T  O P E R AT I N G  R E A L I T Y

Operations vary by industry but share a pattern. In manufacturing:

production planning, quality control, predictive maintenance, and

continuous improvement. In services operations: workflow

management, capacity planning, and service-level performance. In

both, leaders spend their days managing exceptions, investigating

root causes, and adjusting plans in response to events the planning

system did not anticipate.

A I  I N T E R V E N T I O N

Three categories. For predictive maintenance and quality, agents

combine traditional machine learning on sensor data with

generative AI for the diagnostic narrative and maintenance-

instruction generation — producing not just a prediction of failure

but an actionable work order; Siemens has documented this at

production scale. For planning optimization, agents integrate

demand forecasting, capacity constraints, supply availability, and

labor scheduling into a plan that adjusts continuously; Amazon’s

fulfillment operations make this visible at hyperscale. For exception

management, agents classify severity, retrieve relevant prior

responses from incident history indexed in SQL Server 2025, and

resolve within parameters or escalate with full context.

TA N G I B L E  B E N E F I T S

McKinsey identifies operations as one of the largest functional value

pools after sales and marketing. Industry case studies document

unplanned-downtime reductions of twenty to thirty percent

through AI-driven predictive maintenance, quality-defect

reductions of fifteen to twenty-five percent through AI inspection,

and cycle-time reductions of ten to twenty percent through

workflow optimization. The Siemens predictive-maintenance case

at Sachsenmilch and the Amazon next-generation fulfillment center

are the most prominent published examples, with similar patterns

across automotive, pharmaceutical, consumer goods, and service

operations.

20–30%
R E D U CT I O N  I N  U N P L A N N E D  D OW N T I M E  T H R O U G H  A I - D R I V E N

P R E D I CT I V E  M A I N T E N A N C E  —  I N D U ST RY  CA S E  ST U D I E S

I M P L E M E N T A T I O N  S K E T C H

The pattern is more variable than in customer-facing functions because underlying systems differ by industry. The four-pillar architecture still

applies: MCP wrappers around the manufacturing execution system, asset management, scheduling, and sensor stores; agent workflows

coordinating prediction, diagnosis, and work-order generation; a vector index of incident history and maintenance procedures; and mixed

embeddings — local Ollama for sensitive IP, Azure for less sensitive workloads. The build-versus-buy balance leans more toward buy, because

vertical operations platforms have made meaningful AI investments.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 18
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09 Supply Chain & Procurement
The assumption of stable global supply that underpinned twenty years of optimization no longer holds.

Disruption is now an operating constant rather than a tail risk.

C U R R E N T  O P E R AT I N G  R E A L I T Y

Procurement teams negotiate with thousands of suppliers, manage

hundreds of contracts, monitor performance, and chase exceptions

across an expanding surface. Supply chain teams forecast demand,

manage inventory across multiple stocking points, coordinate

logistics across modes and providers, and respond to disruptions

on an essentially continuous basis.

A I  I N T E R V E N T I O N

Three categories, plus procurement specifics. For demand

forecasting and inventory, AI integrates historical demand, external

signals including market trends and weather, internal signals

including campaigns and launches, and the company’s own

correction patterns where past forecasts erred. For supplier risk

monitoring, agents continuously scan external sources for financial

distress, geopolitical exposure, climate risk, and operational events,

surfacing risks with proposed mitigations. For disruption response,

agents route alternates when a primary source fails, retrieving prior

qualifications from the vector store. For procurement specifically,

agents draft RFPs grounded in prior successful sourcing, evaluate

incoming proposals against criteria, and produce negotiation-

preparation briefs.

TA N G I B L E  B E N E F I T S

The research here is among the strongest in the literature. McKinsey

identifies AI-enabled distribution producing five-to-twenty-

percent logistics cost reduction, twenty-to-thirty-percent

inventory reduction, and five-to-fifteen-percent procurement-

spend reduction. Demand-forecasting deployments document

twenty-to-fifty-percent improvements in forecast accuracy across

global operations. Deloitte’s 2025 Global CPO Survey found

procurement executives identifying enhanced decision-making as

the largest source of AI value at sixty-eight percent, followed by

productivity at forty-nine percent. Gartner indicates seventy-five

percent of large enterprises will use AI-driven supply-chain

analytics by 2026, up from thirty percent in 2020.

20–50%
I M P R OV E M E N T  I N  D E M A N D - F O R E CA ST  AC C U R ACY  W I T H  A I -

E N A B L E D  F O R E CA ST I N G  —  M C K I N S E Y

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the demand-forecasting enhancement layer sitting on top of the existing process: MCP wrappers

around the forecasting system, transactional sources, and external feeds, plus an agent that produces the AI-augmented forecast with

explainable rationale. The supplier-risk workflow is a nightly batch against external feeds with vector indexing of the supplier base, contract

terms, and prior risk events. The procurement document workflows extend the same architecture used in legal contract review, with a

procurement-specific playbook.
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10 Research, Development & Product
There is far more potentially valuable work than capacity allows, the cost of pursuing the wrong work is severe,

and the information needed to prioritize is scattered.

C U R R E N T  O P E R AT I N G  R E A L I T Y

R&D generates, evaluates, and refines ideas into products. In life

sciences it dominates operating expense and spans years from

candidate identification to approval; in consumer goods it drives

the innovation pipeline; in software it shapes the roadmap

engineering executes. The central challenge is constant: more

valuable work than capacity, severe cost of pursuing the wrong

work, and information scattered across literature, customer

feedback, competitive intelligence, and internal experimentation.

A I  I N T E R V E N T I O N

Three categories. For literature and prior-art retrieval, agents search

scientific literature, patent databases, and competitive

documentation, index the relevant materials in SQL Server 2025,

and produce structured summaries researchers use as a starting

point. For hypothesis generation and experimental design, agents

propose candidate experiments grounded in the company’s prior

results indexed in the vector store, the published literature, and the

current question — expanding the search space a human can

practically consider. For customer feedback synthesis, agents

process the continuous stream from support tickets, user research,

sales notes, and product analytics into actionable themes that

inform the roadmap.

TA N G I B L E  B E N E F I T S

Estimates of AI’s impact on R&D productivity range from twenty to

eighty percent depending on subfunction and the maturity of the

underlying digital infrastructure. In life sciences, AI-driven candidate

identification and trial design have produced documented

acceleration of preclinical and early clinical development. In

consumer goods, AI concept generation and feedback synthesis

have compressed cycle times. In software, AI-augmented user-

research synthesis has compressed the time from raw feedback to

actionable recommendation from weeks to days. The wide range

reflects genuine variance in how R&D works across industries, not

measurement inconsistency.

20–80%
R A N G E  O F  D O C U M E N T E D  R & D  P R O D U CT I V I T Y  I M PACT

AC R O S S  S E CTO R S  A N D  S U B F U N CT I O N S  —  I N D U ST RY

E ST I M AT E S

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the literature and prior-art retrieval agent, because it produces immediate uplift for every researcher

and the complexity is modest: a vector index of prior research, external literature where licensing permits, and product documentation.

Customer-feedback synthesis extends it with MCP wrappers around the ticketing system, user-research repository, and analytics platform.

Hypothesis generation is the most ambitious application and is appropriate as a phase-two investment after the simpler retrieval and

synthesis capabilities have proven their value.
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11 The Executive Function
The connective tissue across all the others, and a department in its own right. The interventions do not replace

judgment — they expand the information surface an executive can consider.

C U R R E N T  O P E R AT I N G  R E A L I T Y

Senior executives spend their days in some combination of

meetings, decision-making, communication, and reflection. The

volume of information flowing into the executive level vastly

exceeds available attention, and the work of executive assistants,

chiefs of staff, and business-partner functions exists largely to

compress that information into an actionable form. Despite all that

compression, every senior leader operates with incomplete

information on decisions that matter.

A I  I N T E R V E N T I O N

The work here is less routine and more judgment-intensive, so the

interventions expand rather than replace. For meeting and

communication compression, agents process the full corpus of

recordings, internal communications, and document flows around

an executive, producing daily and weekly briefings of the matters

requiring attention. For prepared-question agents, an executive asks

a natural-language question of the company’s accumulated

knowledge and the system retrieves grounded answers from

financial, operational, CRM, and policy systems through MCP

wrappers — answers an executive can rely on rather than generic

chatbot output. For strategic intelligence retrieval, an agent

monitors competitive activity, industry developments, regulatory

shifts, and internal performance, surfacing patterns before they

reach the standard reporting cycle.

TA N G I B L E  B E N E F I T S

Executive-level productivity resists measurement in operating-

function terms, because the work product is decisions and direction

rather than countable output. The evidence is qualitative but

consistent. Executives who adopt meeting-and-communication

compression describe reductions of two to four hours per day in

information processing, redeployed into customer engagement,

talent development, and strategic reflection. Prepared-question

agents dramatically reduce the friction of operational questions

that once required a staffer to compile an answer from multiple

systems. Strategic-intelligence retrieval is less mature in the field —

part of the reason the next part proposes building a dedicated

implementation.

2–4hrs/day
R E D U CT I O N  I N  I N F O R M AT I O N - P R O C E S S I N G  T I M E  F O R

E X E C U T I V E S  A D O P T I N G  A I  M E E T I N G  A N D  C O M M U N I CAT I O N

C O M P R E S S I O N

I M P L E M E N T A T I O N  S K E T C H

The minimum viable implementation is the prepared-question agent: MCP wrappers around the systems an executive routinely needs answers

from, a vector index of policies, board materials, and strategic documents, and an agent workflow that retrieves grounded answers with explicit

citation of the underlying sources. Meeting and communication compression is procured rather than built in most cases. The strategic-

intelligence retrieval workflow — the foundation of Part IV — is generally built rather than procured, because the value depends on deep

integration with the company’s specific competitive context and strategic priorities.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 21



IV
P A R T  I V

The Strategic AI
Advisor for CEOs
The composed product: a custom multi-agent system on the CEO’s desk,

running continuously against the company’s own data and external signals —

the single most differentiated AI investment a company can make.

I N D U S T RY  AG E N T C O M P E T I T I V E  AG E N T I N T E R N A L  P E R F O R M A N C E WO R K F O R C E  C A PA B I L I T Y

S T R AT E G I C  M E M O RY

The AI  Imperative ·  22
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The asset boards keep asking about
It is not available as a packaged product, it is fully proprietary to the company that builds it, and it compounds in

value the longer it runs.

Part III treated the executive function as one department among

eleven and identified the building blocks. Part IV is the composed

product: a custom strategic advisor that sits on the chief

executive’s desk, runs continuously against the company’s own

operating data and external strategic signals, and produces ongoing

strategy recommendations, competitive-intelligence summaries,

workforce-capability assessments, and roadmap proposals

calibrated to the company’s specific situation.

It is the asset boards have been asking about even when they could

not articulate it: an AI capability that produces a CEO’s-eye view of

the company and its environment continuously, with the company’s

own data, the relevant external intelligence, and the strategic frame

the CEO has set. It is the single most differentiated AI investment a

company can make at this stage of the technology’s evolution —

because it is not a packaged product, it is fully proprietary, and it

compounds the longer it runs as it accumulates context about the

company’s strategic history.

The advisor is a multi-agent system on the same four-pillar

architecture, configured for a different purpose. Where the

department agents address specific operational workflows, the

advisor addresses the cross-cutting strategic concerns that

occupy a chief executive’s attention — a coordinated set of

specialized agents with a coordinator that synthesizes their outputs

into the briefings and recommendations the CEO actually

consumes.

A G E N T  0 1  ·  I N D U S T R Y

Industry
Monitors the broader industry — regulatory developments, technology

shifts, demand signals, and the structural forces shaping the industry’s

trajectory. Runs weekly.

A G E N T  0 2  ·  C O M P E T I T I V E

Competitive
Tracks the specific competitors that matter — product launches, hiring

patterns, financial performance, strategic statements, and observable

operational changes. Daily during launch windows.

A G E N T  0 3  ·  I N T E R N A L

Internal Performance
Monitors the company’s own operating metrics, financial results,

customer outcomes, and employee signals against the targets the

executive team has set. Daily, and on alerts.

A G E N T  0 4  ·  W O R K F O R C E

Workforce Capability
Monitors the talent base against the capability requirements the

strategy implies — where capacity is sufficient, where it is at risk, where

investment is required. Monthly.

A G E N T  0 5  ·  S T R A T E G I C  M E M O R Y

Maintains the accumulated context of prior strategic decisions, the rationale behind them, and the outcomes against them — so new

recommendations are calibrated against the company’s specific history rather than a generic best practice. It runs continuously, ingesting

board materials, executive communications, and the outputs of the other agents into the growing strategic context.

T H E  A I  I M P E R A T I V E G A L  R A T N E R  ·  T H E  . N E T  A I  G U Y  T H A T  S H I P S 23
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How it works — and why it is different
The Microsoft Agent Framework orchestrates the specialized agents

and the coordinator, each running on its own cycle. Grounding

comes from internal and external sources through MCP servers —

financial systems, the operating systems for sales, customer

success, and product usage, the HRIS, the document store holding

board materials and strategic plans, and the company’s historical

archive; externally, news feeds, SEC filing data for public

competitors, patent and regulatory data, and any specialized

industry sources the company subscribes to.

The coordinator is where synthesis happens, producing three

outputs. The daily intelligence briefing — a short narrative surfacing

what requires attention since the last briefing, grounded in citations

the CEO can drill into. The strategic recommendation queue —

proposals to review, accept, modify, or reject, each tied to the

strategic priorities the executive team has set. And the on-demand

question response — the workflow that fires when the CEO asks a

specific question and the advisor retrieves grounded context from

across all the agents.

Why it is different from what CEOs already have

It differs from BI dashboards in being narrative rather than tabular,

opinionated rather than passive, and integrated across internal and

external data rather than siloed. It differs from analyst services in

cycle time — daily rather than quarterly — frame of reference — the

specific company rather than the industry in aggregate — and

memory, which is continuous rather than reset each engagement. It

differs from coaches and consultants in being always available,

having access to the underlying operating data, and a fixed rather

than engagement-tied cost. Most importantly, it differs from generic

chat tools in every one of the five conditions of the successful five

percent.

I M P L E M E N T A T I O N  S K E T C H

More ambitious than any department implementation, but the same architecture. The build sequence is iterative: phase one is the internal-

performance agent and the strategic-memory store — the foundation; phase two adds the competitive and industry agents; phase three adds

workforce capability and the full coordinator. A reasonable timeline is six to nine months for an organization with mature internal data, longer

where data still needs preparation. After twelve to eighteen months of operation, the result is a strategic asset no off-the-shelf product can

match — because no product knows the company’s specific history, priorities, and decision patterns.
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The strategic AI advisor is the single most differentiated AI investment a company can

make. It cannot be bought. It compounds the longer it runs. And it is proprietary to

the company that builds it.

“



V
P A R T  V

The Implementation
Playbook
Strategy without an executable plan is theater. Three horizons that fit how

boards actually operate — ninety days for the first wins, twelve months for the

foundation that compounds, three-to-five years for durable advantage.

9 0  DAYS  ·  P R O O F 1 2  M O N T H S  ·  F O U N DAT I O N 3 – 5  Y E A R S  ·  P L AT F O R M B U I L D  VS .  B U Y
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Three horizons, measured ruthlessly

F I R S T  9 0  D AY S

The first ninety days —
proof, not transformation

The first ninety days serve one purpose: one or two visible, measurable, defensible wins that establish

confidence and unlock budget for the larger investments. The mistake most organizations make is

attempting too much — the right number of major workflows is one, with at most a second smaller

workflow in parallel. The candidate workflows combine three properties: measurable gains within the first

month, operation on data and systems that already exist in usable form, and a constituency motivated

enough to accept early rough edges. In most companies that is the customer-service agent-assist tool,

the sales account-brief generator, or the legal contract-review agent. The deliverables: one workflow in

production with measured outcomes, a published case study, an architectural blueprint, and a board-

ready proposal for the next phase. The success metric is binary — either the workflow produces

measurable gains or it does not.

1 2  M O N T H S

The twelve-month
architectural foundation

Here the four-pillar architecture moves from a proof supporting one workflow to a production-grade

platform supporting multiple departments. The vector store is built out with the documents that ground

the agents; the MCP server library wraps the major internal systems; the agent framework is configured

with orchestration patterns, human-in-the-loop controls, and audit logging; the embedding pathway is

operationalized with classification logic that routes each workload automatically. A typical sequence

covers customer service, sales, marketing, and finance in the first twelve months, with legal, HR, and

operations following in year two, and the strategic advisor beginning development in the second half of the

window. The right number of measurable wins by month twelve is three to five, each in a different

department, with documented EBIT impact in at least one.

3 – 5  Y E A R S

The three-to-five-year
platform

This is where the platform produces compounding returns. By the end of year three, every major function

has at least one production workflow and the four-pillar architecture is the default for new automation. By

year five, the company has fundamentally redesigned its operating model around the capabilities the

architecture enables, with workflows that did not exist in the pre-AI organization producing the majority of

incremental value. The cost structure shifts from heavy infrastructure investment to incremental workflow

development, and the marginal cost of each new workflow drops because the foundational plumbing is in

place — the structural advantage that separates unified-architecture companies from point-solution

accumulators.

B U I L D  V E R S U S  B U Y  A T  E A C H  H O R I Z O N

Buy where mature vendor products exist and confer no competitive advantage from custom work — AI pair programming, meeting

transcription, specialized eDiscovery. Build where value depends on grounding in proprietary data, where the workflow is differentiated

enough that no vendor fits, or where data sensitivity makes a vendor pipeline inappropriate. The strategic advisor is the clearest build; the

department agents are mostly builds; the infrastructure — cloud, database, agent framework, embedding models — is bought. The

company buys the building materials and builds the structure.
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VI
P A R T  V I

Governance, Risk &
Board Oversight
The topic where directors are most exposed and least equipped. Five

structural questions every board should ask — and the architectural answers

the four-pillar approach makes possible.

DATA  S OV E R E I G N T Y AU D I TA B I L I T Y M O D E L  R I S K V E N D O R  LO C K- I N

R E G U L ATO RY  E X P O S U R E
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Five questions every director should ask
The answers are determined by the architecture, not by policy documents that may or may not be enforced.

1 Data sovereignty & residency

In the four-pillar architecture, data classified as sensitive is processed by local Ollama models on the company’s own infrastructure, and its vector

representations live in the company’s SQL Server 2025 instance behind the same security perimeter as the records. Less-sensitive data uses Azure AI

Foundry with enterprise-cloud protections. The classification logic is enforced by the architecture, not by user behavior — a user cannot accidentally

route sensitive data through a less-protected pathway.

ASK —  WHAT IS THE CLASSIFICATION SCHEME, WHO OWNS IT, AND WHAT IS THE ARCHITECTURAL MECHANISM PREVENTING VIOLATIONS. A SATISFACTORY

ANSWER NAMES A MECHANISM, NOT USER TRAINING.

2 Auditability & explainability

In the Microsoft Agent Framework, every step of every agent execution is logged — the retrieved context, the model invocation, the model output, the

business rules applied, and the final action — written to SQL Server 2025 with the same audit and retention controls as other transactional data. An

auditor asking what the system did on a specific date can reconstruct the full execution trace.

ASK —  WHAT IS THE AUDIT TRAIL FOR AI-INFLUENCED DECISIONS AND HOW LONG IS IT RETAINED. A SATISFACTORY ANSWER CAPTURES BOTH RETRIEVED

CONTEXT AND REASONING STEPS, NOT JUST THE FINAL OUTPUT.

3 Model risk & hallucination

AI systems produce incorrect output some of the time; exposure depends on how the architecture handles it. RAG reduces hallucination by grounding

output in retrieved documents. The framework’s deterministic orchestration provides places where business rules validate output before it reaches the

system of record. Human-in-the-loop controls define which categories of recommended action execute autonomously and which require approval.

ASK —  WHAT IS THE PRODUCTION ERROR RATE, WHAT IS THE FINANCIAL EXPOSURE IF AN ERROR REACHES A CUSTOMER, AND WHAT CONTROLS CATCH

HIGH-SEVERITY ERRORS. A SATISFACTORY ANSWER QUANTIFIES AND DESIGNS FOR ERROR, RATHER THAN CLAIMING AI DOES NOT ERR.
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Lock-in, regulation & the quarterly review

4 Vendor concentration & lock-in

The architecture mitigates this by design. MCP is an open standard, so the company is not locked in at the integration layer. The framework’s

separation of orchestration from inference means switching model providers does not require rewriting workflows. SQL Server 2025 is a meaningful

database-layer concentration, but it is the same concentration the company already has in its Microsoft estate. The local Ollama pathway means zero

external dependency for the most sensitive workloads.

ASK —  WHAT WOULD IT COST TO SWITCH STACKS, AND HOW DOES THAT COMPARE TO THE ALTERNATIVES CONSIDERED. A SATISFACTORY ANSWER

IDENTIFIES SPECIFIC SWITCHING COSTS AND CONTRACTUAL PROTECTIONS.

5 Regulatory exposure

The landscape varies by industry and jurisdiction. The EU AI Act, fully effective by 2026, imposes requirements on high-risk systems. US financial

regulators have issued guidance on AI in lending, insurance underwriting, and securities; health-care regulators on clinical decision support;

employment regulators on hiring and performance. HIPAA, PCI-DSS, SOX, and GDPR all have implications for how AI processes regulated data.

ASK —  WHICH REGULATIONS APPLY, WHAT DOES EACH SPECIFICALLY REQUIRE, AND WHAT IS THE ARCHITECTURAL AND OPERATIONAL MECHANISM FOR

COMPLIANCE. A SATISFACTORY ANSWER MAPS EACH REGULATION TO SPECIFIC CONTROLS.

T H E  B O A R D ’ S  Q U A R T E R LY  A I  R E V I E W

Mature boards conduct a quarterly review across five categories. Portfolio status — which workflows are in production, in development, or

retired, and the aggregate EBIT impact. Risk register — what risks have materialized, what mitigations applied, what remains on the watch

list. Regulatory posture — what developments have occurred and what changes they require. Talent and capability — what the program

has, what it needs, where the gaps are. Strategic alignment — how the investments serve the broader priorities, and where AI investment is

below what the strategy requires. The quarterly review is not a status update from the CIO. It is a strategic review owned by the CEO, with

the CIO, CTO, or chief AI officer presenting the technical detail. The board’s role is to challenge the alignment between investment and

strategy, the rigor of the risk management, and the defensibility of the governance posture against external scrutiny. Boards that delegate

the review to the technology committee or treat it as an information item are the boards whose companies end up in the ninety-five-

percent failure category.
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T H E  P A T H  F O R W A R D

The technology works.
The path is known.
The ninety-five percent failure rate is not a verdict on the technology. It is a verdict on the implementation

approach the majority of organizations have adopted. The productivity gains are real and quantifiable — from the

fourteen percent issue-resolution improvement in customer service to the fifty-five percent task-completion

improvement in software engineering, with corresponding gains across every other major function.

The cost of doing nothing is rising. High performers are nearly three times more likely to have fundamentally

redesigned workflows, and they are accumulating the architectural foundations and operational expertise that

compound. Companies that wait are not waiting at a constant cost; they are waiting at a rising one as the leaders

pull further ahead. Adopt the four-pillar architecture, work the departments in sequence, build the advisor in

parallel, and govern with the board’s quarterly review keeping the program honest.

The five percent extracting real value share one trait. They integrated AI into real workflows on proprietary data. They

are the model. The path is known. What remains is the decision to walk it.
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With three decades of production engineering experience on the Microsoft and .NET

stack, Gal Ratner has delivered enterprise systems for Microsoft, Sony, Yahoo, Best Buy,

Allegiant Air, Rockstar Games, and 2K Games, and was the sixth employee at Break.com

during its rise as one of the foundational digital-media properties of the 2000s. He is a

Los Angeles Business Journal CTO of the Year finalist and operates across Las Vegas

and Los Angeles.

His current technical focus is the architecture described in this guide: agentic AI built

on the Microsoft Agent Framework, MCP servers for proprietary tool integration,

retrieval-augmented generation on SQL Server 2025 with native vector search, and the

mixed local-and-cloud embedding strategy that makes data sovereignty defensible. He

operates a portfolio of production AI systems across his own properties and his

consulting clients, including the PLogger 2.0 diagnostic framework, the Tony executive AI

assistant, the ShopSnap Virtual Shopping Assistant “Rachel” and MCP servers, and the

WhiteStar Enterprise Messenger zero-knowledge platform.

Gal helps chief executives and their leadership teams move from the ninety-five-percent failure category to the five-percent success

category, with engagements structured around the playbook described in Part V. The practice’s positioning is straightforward: the work is

shipped to production, the architectures are defensible in front of the board’s risk committee, and the productivity gains are measured

against the baseline rather than asserted from a slide.

F O R  C E O S  A N D  B O A R D  M E M B E R S galratner.com
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